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Theorem: Convolutions implicitly sample unit balls of some (a)symmetric metric
( f ⋆ g)(x) = ∫Δx

f(x + y)g(y)dmx(y)

Unit balls in Finsler geometry
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Reconstruction from unit tangent balls 
(Positive homogeneity)

Convex sets define valid unit tangent balls 
(Triangular inequality)
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Axioms
In practice:
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Metric convolutions: Explicit metrics
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https://github.com/Tommoo/MetricConvolutions


